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Abstract. This paper examines the role of artificial intelligence (AI) and chatbot
technologies in enhancing customer service quality through established theoretical
frameworks including SERVQUAL, Technology Acceptance Model (TAM), Service-
Dominant Logic (S-D Logic), and the Resource-Based View (RBV). Employing a
systematic literature review, the study synthesises peer-reviewed research
published between 2018 and 2025 from Scopus-indexed databases. The analysis
reveals that AI-powered chatbots significantly reduce response times, lower
operational costs, and improve customer satisfaction through personalisation,
natural language processing, and emotional intelligence capabilities. The SERVQUAL
framework demonstrates that chatbots enhance service quality across
responsiveness, reliability, and empathy dimensions, while TAM explains the
determinants of consumer acceptance. Drawing on S-D Logic, the paper argues that
AI chatbots function as active co-creators of wvalue within service ecosystems
rather than mere automation tools. Ethical challenges—including data privacy,
algorithmic bias, and transparency—are critically analysed as moderating factors.
The study contributes to the theoretical understanding of human-AI collaboration
in service contexts and offers implications for the Azerbaijani service sector,
where AI adoption remains nascent. The findings suggest that a hybrid human-AI
service model represents the most effective approach to optimising service quality
and customer trust.
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Introduction

The rapid expansion of the digital economy Thas
fundamentally transformed customer service paradigms,
compelling organisations to adopt innovative technologies to
meet rising consumer expectations (Huang & Rust, 2021). Among
these technologies, AI-powered chatbots have emerged as
critical instruments for enhancing service quality,
operational efficiency, and customer satisfaction (Ameen et
al., 2021). International studies demonstrate that firms
deploying AI-based systems achieve substantial advantages in
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both operational performance and customer experience
(Zabtocka-Kluczka et al., 2023).

Despite growing scholarly interest, significant gaps
persist in understanding the mechanisms through which AI
chatbots influence service quality and customer behaviour.
The theoretical integration of SERVQUAL, TAM, S-D Logic, and
RBV into AI-mediated service contexts remains insufficiently
explored (Chen et al., 2023; Zaheer et al., 2025). Moreover,
empirical research on Al-driven customer service in
developing economies, particularly Azerbaijan, 1is notably
scarce. This paper addresses these gaps by systematically
reviewing contemporary literature within a multi-theoretical
framework.

The study pursues three objectives: (1) to analyse the
impact of AI chatbots on service quality dimensions using
SERVQUAL; (2) to examine customer acceptance mechanisms

through TAM; and (3) to evaluate AI as a value co-creation
agent through S-D Logic and RBV perspectives.

Theoretical Background

SERVQUAL and AI-Mediated Service Quality

The SERVQUAL model, developed by Parasuraman et al.
(1988), evaluates service quality across five dimensions:
tangibility, reliability, responsiveness, assurance, and
empathy. Recent scholarship has adapted this framework to AI-
mediated contexts, demonstrating that chatbots enhance
responsiveness through instantaneous query resolution and
improve reliability through consistent, 24/7 service delivery
(Wang et al., 2026; Zabitocka-Kluczka et al., 2023). Chen et
al. (2023) developed an AI chatbot service quality (AICSQ)
scale comprising seven constructs—including semantic
understanding, personalisation, and human-likeness—that
positively influence user satisfaction and continuance
intention. This extension acknowledges that AI service
quality dimensions are functionally inseparable from system
and information quality, distinguishing chatbot evaluation
from traditional assessment frameworks (Chen et al., 2023).

Technology Acceptance Model

The TAM, proposed by Davis (1989), posits that perceived
usefulness (PU) and perceived ease of use (PEU) determine
technology adoption attitudes. Empirical studies confirm
TAM’s applicability to AI in service contexts: Kasilingam
(2020) found that PU and PEU significantly predict consumer
attitudes toward AI-powered services. Zaheer et al. (2025)
integrated TAM with SERVQUAL to demonstrate that service
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quality mediates the relationship between AI deployment and
customer satisfaction, with trust as a significant moderator
(Zaheer et al., 2025). These findings validate TAM as a robust
framework for understanding customer acceptance of AI-driven
service innovations (Davis, 1989; Kasilingam, 2020).

Service-Dominant Logic and Value Co-Creation

S-D Logic, articulated by Vargo and Lusch (2008), reframes
value creation as an inherently collaborative process between

firms and customers within service ecosystems. In AI-
augmented contexts, chatbots transcend their role as passive
tools and function as operant resources actively

participating in value co-creation through real-time
personalisation and contextual adaptation (Corsaro et al.,
2022) . This perspective 1is particularly relevant for
understanding how chatbot interactions generate dynamic
feedback loops: as customers engage with AI systems, the
technology accumulates behavioural data that continuously
refines service delivery, transforming encounters into
evolving, co-creative processes (Mustak et al., 2021). AI is
proposed not merely as a tool but as an integral participant
in value co-creation, potentially altering the foundational
operand/operant dichotomy into a dynamic spectrum (Corsaro et
al., 2022; Vargo & Lusch, 2008).

Resource-Based View

The RBV framework (Barney, 1991) provides a strategic
lens for analysing AI as an organisational resource. AI
capabilities satisfy the VRIO criteria—valuable, rare,
inimitable, and organisationally embedded—when firms develop
proprietary algorithms, customer data assets, and integration
architectures that competitors cannot easily replicate
(Krakowski et al., 2023). AI creates competitive advantage
through resource complementation, whereby traditional human
service capabilities are augmented rather than substituted,
forming unique resource bundles that enhance overall service
performance (Barney, 1991; Krakowski et al., 2023).

Methodology

This study employs a systematic literature review
following PRISMA guidelines. The search strategy targeted
Scopus, Web of Science, and PubMed databases using Boolean
combinations of keywords: “artificial intelligence”,
“chatbot”, “customer service”, “service quality”, and
“customer satisfaction”. Inclusion criteria specified peer-
reviewed, English-language articles published between 2018
and 2025. After screening 127 initial records and applying

This work is distributed under the terms of the Creative 5 3
Commons Attribution-ShareAlike 4.0 International License
(https.//creativecommons.org/licenses/by—sa/4.0/).



Proceedings of the 19th International
Scientific and Practical Conference

«Science and Practice: Implementation NO

to Modern Society» 2 8 6

(March 16-18, 2026).

Manchester, United Kingdom Lﬁlﬁﬁggﬁf

MANAGEMENT

exclusion criteria—removing duplicates, non-peer-reviewed
sources, and thematically irrelevant studies—22 articles were
selected for qualitative synthesis (Ameen et al., 2021; Mustak
et al., 2021). Thematic analysis identified recurring
patterns across four dimensions: service quality enhancement,
technology acceptance, value co-creation, and ethical
considerations. This approach enables systematic
identification of convergent findings while acknowledging
limitations inherent 1in review-based research, including
potential publication bias and the absence of primary
empirical data.

Discussion and Findings

Operational Impact of AI Chatbots

The reviewed literature consistently demonstrates
substantial operational benefits from AI chatbot deployment.
Organisations report response time reductions of 50-60 per
cent, cost decreases of 25-35 per cent, and satisfaction
improvements of 15-25 per cent as measured by CSAT and NPS
indices (Costa, 2025; Zabitocka-Kluczka et al., 2023). These
improvements are attributable to chatbots’ simultaneous query
handling, 24/7 availability, and consistent response quality.
Costa (2025) documented that Klarna’s AI assistant handled
two-thirds of support conversations, reducing handling times
from 11 minutes to under two minutes and generating
approximately 40 million US dollars in efficiency savings.
Such findings corroborate the RBV proposition that AI
constitutes a strategically wvaluable resource delivering
sustained competitive advantage (Barney, 1991; Krakowski et
al., 2023; Costa, 2025).

Emotional Intelligence and Trust

Advances 1in natural language ©processing (NLP) and
sentiment analysis have expanded chatbot capabilities beyond
transactional interactions to emotionally responsive

engagement. Studies demonstrate that perceived empathy and
anthropomorphic characteristics positively influence customer
trust, even following service failures (Li et al., 2024).
Through the CASA (Computers as Social Actors) lens, Li et al.
(2024) found that perceived anthropomorphism and empathic
abilities reduce internal attribution of failures, sustaining
consumer trust. This emotional dimension aligns with
SERVQUAL’s empathy construct and extends TAM by identifying
trust as a critical moderator of technology acceptance
(Kasilingam, 2020; Zaheer et al., 2025).
Human-AI Collaboration
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The literature converges on the consensus that hybrid
human-AI service models outperform fully automated or purely
human approaches. The Hybrid Service Encounter framework

conceptualises multiple configurations of human-ATI
interaction across frontstage and backstage processes (Mele
et al., 2025). Optimal performance emerges when AI manages

routine, high-volume queries while seamlessly escalating
complex or emotionally charged interactions to human agents
(Costa, 2025). This complementary model preserves service
continuity, reduces agent workload, and maintains empathic
quality (Mele et al., 2025). From an S-D Logic perspective,
hybrid models maximise value co-creation by combining AI’s
analytical precision with human Jjudgment and emotional
intelligence (Corsaro et al., 2022; Vargo & Lusch, 2008).

Ethical Considerations

Ethical challenges constitute significant moderating
factors in AI adoption. Privacy risks, algorithmic bias from
unrepresentative training datasets, and insufficient
transparency in automated decision-making are consistently
identified as barriers to consumer trust (Tlili et al., 2024).
The EU AI Act and GDPR mandate transparency, accountability,
and explainability standards that organisations must embed
throughout AI deployment lifecycles (Smith & Fotheringham,
2024) . Failure to address these dimensions risks undermining
the service quality improvements that AI technologies
otherwise deliver (Smith & Fotheringham, 2024; Tlili et al.,
2024) .

Implications for Azerbaijan

The Azerbaijani service sector presents considerable
potential for AI adoption, supported by governmental digital
economy initiatives informed by global evidence (Zablocka-

Kluczka et al., 2023; Zaheer et al., 2025). However,
structural constraints limit deployment: limited NLP
resources for the Azerbaijani language, insufficient

specialised workforce, and underdeveloped AI governance
frameworks. Addressing these through investment in localised
NLP development, workforce training, and evidence-based
policy formulation would enable Azerbaijan to leverage AI for
competitive service quality enhancement.

Conclusion

This study demonstrates that AI-powered chatbots enhance
customer service quality through multiple mechanisms:
improving SERVQUAL dimensions of responsiveness, reliability,

and empathy; facilitating acceptance through perceived
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usefulness and ease of use; and enabling dynamic wvalue co-
creation within service ecosystems (Parasuraman et al., 1988;
Davis, 1989; Chen et al., 2023; Vargo & Lusch, 2008). The
hybrid human-AI model emerges as the most effective
configuration for maximising service quality while preserving
essential human elements for complex interactions (Mele et
al., 2025; Costa, 2025) . Ethical governance remains
imperative for sustaining consumer trust (Smith &
Fotheringham, 2024; T1ili et al., 2024). Future research
should ©pursue ©primary empirical investigations within
Azerbaijan to validate these findings and develop localised
AT adoption frameworks.
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